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NEIGHBOR TO SEGMENT CUSTOMERS AND INCREASE THE EFFICIENCY OF PRICE
SETTING: A CASE STUDY OF TRANSPORT COMPANY. ADVISORY COMMITTEE:
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Customer segmentation is a crucial strategy for businesses in the logistics sector.
As the number of service users increases, segmentation helps in targeting and providing services
efficiently. This research aims to study customer segmentation, starting with the selection and
transformation of significant variables for segmentation, including customer usage frequency,
payment amounts, and net profits. A K-Means clustering model is employed to enhance the
efficiency of customer segmentation. Additionally, a K-Nearest neighbors (KNN) model is used
to classify new data into existing clusters accurately. This helps the company systematically
reduce promotional pricing costs. The elbow method and silhouette score are used to evaluate the
K-Means clustering model' s performance. The analysis revealed that K = 3 is the optimal value
when testing K values from 1 to 10. For the KNN model, the F1-score and accuracy score are
used to measure performance. The experiment showed that neighbor = 9 yielded the highest
F1-score and accuracy score, indicating the best prediction efficiency. The KNN algorithm is then
used to segment customers into three groups and to allocate promotional pricing, helping the
company increase profits by an average of 22.45%, equivalent to 32,838,644.16 baht.

Additionally, it reduced the cost of promotions by 5,577,435.16 baht.
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d(x,y) =] D, (yi—xi)?
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LSB 39424 191.94 5.117772
LSB 2464 -1286.46 -34.3014
CYS 4928 1185.13 31.66367
CYsS 4928 1185.13 31.66367
Thewara 4928 2306.32 87.97107
Charnvit 4928 2636.31 115.0378
Mer Group Company Limited 5913.6 1104.05 22.95537
Mer Group Company Limited 4928 1297.16 35.72617
Mer Group Company Limited 4928 1297.16 35.72617
Mer Group Company Limited 4238.08 517.88 13.92076
Hydroengineering 24640 10506.46 74.33707
Hydroengineering 35481.6 13711.7 62.98467
LSB 3942.4 191.94 5117772
LSB 2464 -233.97 -8.67208
Suwin 4730.88 1195.85 33.82857
Thewara 3449.6 827.92 31.57975
PTS 3942.4 326.82 9.039214
Green 3942.4 936.91 31.17329
Green 2956.8 974.61 49.16834
TOZEN 4435.2 1345.77 43.56046
Candu 4928 670.27 15.74243
Charnvit 4928 1189.34 31.81193
Subboonchai 6406.4 -363.46 -5.3688
Pinnacle 6899.2 3407.94 97.61347
PTS 44352 1259.2 39.64736
Phuthha 4928 2168.8 78.60249
LSB 39424 696.39 21.45372
UPE 14784 2392.86 19.31106
WPIL 23161.6 4773.35 25.9587
TOZEN 3449.6 -129.11 -3.60772
PTS 3449.6 684.51 24.75543
P.Rungruang 39424 -1296.28 -24.7444
Charnvit 8870.4 1442.43 19.4189
PTS 8377.6 245.97 3.024855
Hydroengineering 11827.2 2126.68 21.92336
Hydroengineering 8870.4 3413.86 62.56456
S.Pattanarungruang 15769.6 585.02 3.852724
Abhichart 14784 -166.62 -1.11447
Abhichart 11827.2 -3123.42 -20.8916
H.Pattanamahachai 3942.4 -1446.7 -26.8449
Pinnacle 6406.4 -1626.45 -20.2475
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3942.4
2464
4928
4928
4928
4928
5913.6
4928
4928
4238.08
24640
35481.6
3942.4
2464
4730.88
3449.6
3942.4
3942.4
2956.8
4435.2
4928
4928
6406.4
6899.2
4435.2
4928
3942.4
14784
23161.6
3449.6
3449.6
3942.4
8870.4
8377.6
11827.2
8870.4
15769.6
14784
11827.2
3942.4

6406.4

Y

191.94
-1286.46
1185.13
1185.13
2306.32
2636.31
1104.05
1297.16
1297.16
517.88
10506.46
13711.7
191.94
-233.97
1195.85
827.92
326.82
936.91
974.61
1345.77
670.27
1189.34
-363.46
3407.94
1269.2
2168.8
696.39
2392.86
4773.35
-129.11
684.51
-1296.28
1442.43
245.97
2126.68
3413.86
585.02
-166.62
-3123.42
-1446.7
-1626.45

5.117772
-34.3014
31.66367
31.66367
87.97107
115.0378
22.95537
35.72617
35.72617
13.92076
74.33707
62.98467
5.117772
-8.67208
33.82857
31.57975
9.039214
31.17329
49.16834
43.56046
15.74243
31.81193
-5.3688
97.61347
39.64736
78.60249
21.45372
19.31106
25.9587
-3.60772
24.75543
-24.7444
19.4189
3.024855
21.92336
62.56456
3.852724
-1.11447
-20.8916
-26.8449
-20.2475
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max_n+l

r.strip()
~_company . fit_transform({data[ 'E

train_data = data

train_data[["E

.Fit_transform{feature ol].astype

scaler =
scaled_featur

.labels_

test data[ "Employi iy ' tr.strip()

der_company . fit_:

rm{ test_features)
d_featur
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